CHAPTER ONE
INTRODUCTION
1.1 Background of the Study 
Since the 1990s, the increase in competition worldwide and the availability of structured and unstructured information have deeply changed companies’ production and organisational processes, making it necessary to improve upon traditional management and data analysis systems (Vasarhelyi et al., 2021). To extract value from information, it is necessary to consider the systematisation of knowledge through the creation of archives and the management and analysis of data produced in large quantities (volume), with rapidity (speed) and in different formats (variability). This was the starting point for the evolution of business intelligence through the mplementation of software dedicated to information processing, services to integrate new technologies with existing systems, and infrastructural resources with an increase in computing and storage capacities for data from which to derive new levels of knowledge (Big Data analytics [BDA]).
This new paradigm in the digital era requires the support of multiple skills and the knowledge of programming techniques and allows a better interpretation, inspection, cleaning and modelling of large amounts of data extracted from various sources (including the web) that are useful in the decision-making process (Warren et al., 2021). The data coming from the web plays a crucial role in the context of Big Data, considering its high information potential, especially in forecast analysis. Operational data sources include accounting applications and personnel and customer management, which are appropriately integrated with other segments, such as production management; purchasing and delivery applications for companies; industrial and branch management; financial instruments; and risk assessment for banks. 
In recent years, the process of sharing information both internal and external, and particularly concerning risk, governance and performance, is increasingly supported by the evolutionary paths of new technologies, creating the premise for a gradual revolution of business and organisational processes and placing itself as the foundation of the ‘fourth industrial revolution’ (Manyika et al., 2011). The collection of large amounts of data in a heterogeneous, redundant and unstructured form (Big Data) and its interpretation, analysis and evaluation mainly follow risk-based logics that are primarily focused on credit, operational and compliance risks (e.g., the GDPR directive and anti-money-laundering legislation). 
The importance of Big Data emerges most notably in the financial, banking and insurance sectors due to their supervision authorities (e.g., European Central Bank, European Security and Markets Authority), which impose stringent capital regulations.The amount of data acquired through digital technologies and multi-channelling with the adoption of BDA could support the maximisation of global business value thanks to the alignment of strategic priorities for risk management activities, the timely reporting of sources of uncertainty on which to focus attention, and the implementation of specific actions to improve performance. The knowledge and measurement of risk and the subsequent identification of anticipatory and proactive actions constitute priority activities that DQIfect the achievement of strategic objectives through the assignment of specific responsibilities to all company levels and the creation of an efficient reporting and communication system. In this sense, the support of communication (top-down and bottom-up) within an organisation is fundamental, as is the proliferation of relevant information for the census and filing of all external risks to business processes and information for decision-making.Greater uncertainties, linked to political, regulatory, macroeconomic and technological factors, have ensured that risk management activities have taken on both increasingly broader connotations and a continuous and integrated approach aimed at mitigating risky events with widespread responsibility inside a company’s organisation. 
The implementation of adequate risk management policies and programmes requires the involvement of the highest levels of the corporate hierarchy to define the essential principles for protecting internal and external subjects (social responsibility) and sDQIeguarding business continuity and generating value over time (behavioural ethics). 
However, this research work designed purpose to address Technologies: the role of of big data analytic on financial reporting risk management.
1.2 Statement of the problem
The rethinking of organisational models to focus them to a greater extent on a systemic view of corporate risk was inevitable (Rasmussen, 2023). An important contribution to the formalisation of the new risk management approach has been provided by several standards, of which the most complete are the International Organization for Standardization (ISO)/IEC 31000 Risk Management principles and guidelines and the Committee of Sponsoring Organizations (CoSO of the Treadway Commission) Enterprise Risk Management integrated framework, which include principles and guidelines for the integration of the risk management process into the overall governance of an organisation, from the strategic planning process to the reporting policies.
The present work investigates the level of implementation of advanced technological infrastructures adopted by small banking institutions and their ability to identify and create an effective risk management process in light of the limits established by internal regulations (risk appetite) and supervision. This is a phenomenon still little investigated in the literature, despite risk management representing an area of great importance, given the central role that banking intermediaries have in the economic fabric and the consequences of their bankruptcy.
1.3     	Research Questions								
i. Does complex datasets influence risk management approach of Selected deposit money banks in Nigeria
ii.  Does Data privacy and security influence real-time risk assessment of Selected deposit money banks in Nigeria
iii. Does conventional statistical method influence conventional statistical method of Selected deposit money banks in Nigeria
1.4     	Objective of the Study							
The main objective of this research work is to determine the impact of big data analytic on financial reporting system of Selected deposit money banks in Nigeria. Other specific objectives include but limited to:- 
i. Examine the influence of data quality and integrity on risk management approach of Selected deposit money banks in Nigeria;
ii. Determine the influence of Data privacy and security on real-time risk assessment of Selected deposit money banks in Nigeria;
iii. Identify the significant relationship between conventional statistical method and conventional statistical method of Selected deposit money banks in Nigeria
1.5    	 Research Hypothesis								
Ho1: 	Data quality and integrity does not influence risk management approach of selected deposit money banks in Nigeria
Ho2: 	Data privacy and security does not influence real-time risk assessment of selected deposit money banks in Nigeria
Ho3: 	conventional statistical method does not influence relevant risk assessment of selected deposit money banks in Nigeria


1.6    	Significance of the Study							
The study of this nature is immensely importance to some group of bodies which include but limited; management of Selected deposit money banks in Nigeria, auditors, researcher and upcoming researchers. However, the study will help ministry of finance understand the influence and effects of Data privacy and security on company’s financial activities of the organization. Auditor will use the study as guide for complex datasets in an organization. Researcher will gain knowledge as well as reward as part of requirements for every graduating students. Upcoming researchers that choose topic related to this research work will use the study as source of data for their write up. 
1.7     	Scope of the Study								
This research work covers “technologies the role of big data analytics in financial reporting risk management” thus, the study will be carried out within the period 2018-2024 in Ilorin metropolis and no attempt shall be made beyond this. 
1.8     	Limitation of this Study
In the process of this research, researcher come across many challenges which include but limited to; time constraint, and cost of materials. Thus, the time giving for the research is too limit since researcher need to attend to other courses apart from project. Finally, cost of material is another problem encountered by the researcher, there is needed to source for effective material so as to ensure efficient work of the study.		
1.9 Operationalization of Variables
The variables are independent and dependent variables and this will be operationalized as follows:
Independent Variable
X = big data analytics 
The independent variable (X) 
X = (x1, x2, x3,)
Where:
X1 = Data quality and integrity
X2 = Data privacy an-d security
X3 = conventional statistical method 
Dependent Variable
Y = financial reporting risk management
The dependent variable (Y) 
Y = (y)
Where: 
y1: risk management approach 
y2: real-time risk assessment
y3: relevant risk assessment
The equation that explains the functional relationship between the two variables can be written as:
Y = f (X) 
Where  
Y = financial reporting risk management (Vector of Dependent Variable)
 X = big data analytics
 (Vector of Independent Variable) 
The operationalization of the variables for each of the hypothesis can be summarized in these models: 
Independent 						Dependent
x1: data quality and integrity 			y1: risk management approach 
x2: Data privacy and security			y2: real-time risk assessment
x3: conventional statistical method		y3: relevant risk assessment
1.9 	Operational Definition of Terms						
Financial activities: Financing activities are transactions that include owner's equity, long-term liabilities, and changes in short-term loans. Financing activities include the movement of cash and cash equivalents among the organization and its sources of cash.
Big data: Big data refers to the massive, complex datasets that traditional data processing tools can't easily handle.
Data quality and integrity:  Data quality and data integrity are distinct but related concepts. Data quality focuses on the attributes of data that make it useful for its intended purpose, such as accuracy, completeness, consistency, and timeliness. Data integrity, on the other hand, emphasizes the accuracy, consistency, and reliability of data throughout its lifecycle, ensuring it remains unaltered and free from corruption
Data privacy and security: Data privacy and data security are distinct but interconnected concepts. Data privacy focuses on how personal information is collected, stored, and used, ensuring it's handled ethically and in compliance with laws and regulations. Data security, on the other hand, focuses on protecting data from unauthorized access, misuse, or corruption, using technical and operational sDQIeguards
Conventional statistical method: Conventional statistical methods are based on established mathematical theories and probability distributions. They make assumptions about data distribution and use sample data to draw conclusions or make inferences.
Risk management approach: A risk management approach is a systematic way of identifying, assessing, and mitigating potential risks within an organization or project.
Real-time risk assessment: Real-time risk assessment involves continuously monitoring and evaluating risks as they unfold, providing immediate insights into potential impacts.
Relevant risk assessment: A relevant risk assessment identifies potential hazards and evaluates the likelihood and severity of harm, guiding the implementation of control measures to minimize risks.


CHAPTER TWO
LITERATURE REVIEW
2.1 Introduction 									
This section deal with review of literature which insinuate on the work of past and present authors based on subject matters “technologies: the role of big data analytic on financial reporting risk management”. Thus, the section was arranged with the following headings: Conceptual Framework that explain the concept of dividends and other relevant concepts; Theoretical framework that states many theories out of which adopted one that is suitable for the study; and empirical review that study related headings based on the subject matters.
2.2 	Conceptual Framework 
2.2.1 Concept of Big Data Analytics
Big Data Analytics refers to the process of examining large, complex datasets, often referred to as big data, to uncover patterns, trends, correlations, and insights that can be used for decision-making. These datasets are typically too vast or varied to be processed by traditional data-processing methods. Big data analytics combines advanced techniques from fields such as statistics, machine learning, and data mining to extract meaningful information and support strategic business decisions. The goal is to leverage the large volumes of data generated from various sources—such as social media, sensors, financial transactions, and operational records—to identify hidden patterns, forecast future trends, or optimize operations (Krahel and Titera, 2021).
The core components of big data are often summarized as the "4 V's": Volume, Variety, Velocity, and Veracity.
1)Volume refers to the sheer amount of data being generated and stored. Modern organizations handle petabytes or even exabytes of data, far exceeding the limits of traditional databases. This volume comes from diverse sources, including transactional data, multimedia files, and social media platforms. 
2)Variety captures the different types of data available for analysis. Big data can come in structured formats like databases or spreadsheets, as well as unstructured formats such as emails, videos, social media posts, and IoT sensor data. The ability to process and analyze such diverse data is a critical feature of big data analytics.
3)Velocity indicates the speed at which new data is generated and processed. For example, financial transactions, social media updates, and sensor data from IoT devices are generated in real-time, requiring analytics systems to handle and process data at rapid speeds to provide timely insights.
4)Veracity refers to the reliability and quality of the data. In big data, the accuracy and consistency of the information can vary widely, and analytics tools must account for discrepancies, noise, and uncertainty in the data to ensure valid results (Sun etal., 2022).
In addition to these 4 V’s, some frameworks also include Value—the insight and business value that organizations aim to extract from big data. Advanced analytics techniques such as machine learning, natural language processing (NLP), and predictive modeling are often employed to transform raw data into actionable insights. These techniques allow businesses to forecast market trends, optimize operations, and improve customer experiences, ultimately deriving competitive advantages from the massive amounts of data they collect (Vasarhelyi etal., 2023).
Big data is a large, diverse, and rapid flow of information that requires the use of innovative and economically efficient processing methods for the purpose of developing decision-support methods and automating processes. (Younis, 2020) Big data is a data set characterized by quantity, speed, variability, variance, accuracy, and validity. It cannot be processed efficiently by traditional technology.(Younis, 2020) Big data is divided into 3; First, structured data is data stored in a database field. It can be managed, analyzed, and searched using SQL (Structured Query Language). Both unstructured data are data that cannot be easily classified such as images, graphics, video clips, PDFs, presentations, emails, tweets, web pages, Facebook messages, conversations messages. Third. Semi-structured data is a mixture of structured and unstructured data, but it lacks an organized structure like a word processing program(Younis, 2020). Big data has five characteristics: 
1. Volume: big data is characterized by more data than data from traditional methods, 
2. Speed: Big data is generated faster than data from traditional methods, so it has rushed speeds due to active interaction with personal audiences, customers, and beneficiaries. 
3. Diversity: big data is more diverse than traditional accounting data because it contains other data such as images, video, audio, and text. 
4. Authenticity: refers to the reliability of the data because the receiver cares about the quality of the data. 
5. Value: indicates that data contributes to making timely decisions (Younis, 2020).
2.2.2 The Role of Big Data in the Digital Economy
Big Data already existed at the end of the 1990s and has spread enormously in the 21st century, becoming, in the current context, a key element for modern business. Companies all over the world are exploring these large volumes of highly detailed data to discover previously unknown information that is useful in improving the decision-making process (Hasnat, 2024).Big Data refers to sets of data so large that they cannot be used with traditional database management systems because their dimensions overwhelm  the  capability  of  the  software  tools  and  storage  systems  commonly  used  to  acquire,  store,  manage  and  process  data within a tolerable time frame (Hasnat, 2024). 
Generally, Big Data refers to enormous series of data, both structured and unstructured,  with  wide,  varied  and  complex  structures,  which  is generated, captured and stored at incredible speed (Sagiroglu and Sinanc, 2022). Some authors define Big Data resources as high volume, high speed high variety, requiring innovative and economical forms of information processing—so-called huge information—for better understanding  and  decision-making  capability.  Differently,  for  other  researchers,  Big  Data  indicates  not  only  the  set  of  data,  but  also  the  set  of  technologies  that  carry  out  all  the  functions  mentioned and that exploit the value of the data and make its use economical and effective (Lackovic et al., 2022)
2.2.3 Risk Management in the Big Data Era
The correct functioning of a business activity and the contextual creation of an enterprise’s economic value cannot neglect monitoring of the main risk factors, as represented by financial and managerial indicators whose economic effect can compromise performance. The clear and evident interconnections and interdependences between business risks have led to an increasingly global management of enterprise risks following a systemic approach that is coherent with the growth path of a company and a contextual transversal analysis of heterogeneous processes, functions and activities (Bhimani, 2022). It follows that, in the last few years, overhauling of the traditional approach characterised by a mainly sectorial and fragmented view of risks (“silo” management) has resulted in the spread of a new philosophy in the management of business risk that involves the whole organisational structure and DQIfects strategic and operational processes. 
This approach is known as enterprise risk management (ERM) and provides for integrated risk management through an analysis of business contingencies and an evaluation of uncertainty, with organisational solutions recognised and shared by the whole company, with the aim of business continuity (Idris and Norlida, 2021).At the operational level, important international contributions have come from ISO and CoSO, which have outlined a series of principles and operational techniques for a more systematic and disciplined approach to risk management through the interaction of adequate control systems with performance and business strategies. These strategies, even if they are in a state of uncertainty, can lead to the creation, maintenance and realisation of value and, hence, to the satisfaction of the stakeholders’ expectations for long-term sustainability. 
In recent years, the integrated risk management approach has been implemented by a growing number of companies in light of its competitive advantages, its increase in the economic value of business capital (Arena et al., 2010), the improvement of operational performance and the reduction of the risk of failure (Gordon et al., 2022) and in the awareness that ‘in order to create and protect the value of an organisation it is essential to manage the risks in a structured way and based on well-defined principles’ (ISO 31000:2018).The recent financial crisis and the continual modifications made to the regulatory framework have led to the diffusion of new models of risk management in the banking sector, especially in light of the move from strategies based on the observation only of losses that have already occurred (incurred loss) to those characterised by the preventive evaluation of risks with a forward looking approach based on expected losses (IFRS 9 – Financial Instruments). 
For this, banking institutions pay particular attention to financial transactions, stress tests, scenario analyses and risk reporting in order to understand the different typologies of the sources of uncertainty to which the bank is exposed (Hossein et al., 2018). There is therefore a greater awareness of risk-taking and greater selectivity of the purposes thereof, thanks also to proactive involvement and communication of top management with supervisors.It is obvious that banks increasingly need to use all available data to predict risks, manage them and report them. The quantity and quality of data are essential elements for the formulation and implementation of strategies compatible with risk appetite and suitable for structuring effective and reliable processes and procedures for sDQIeguarding the integrity of bank assets. This has not only required a revision and adaptation of organisational models, but also emphasised the importance of technology in both the automation and integration of the various processes (stress testing, modelling, monitoring, reporting, capital planning, etc.) and in the management of big volumes of irregular data from which, by means of advanced analytics systems, it is possible to draw information useful to the management of organisations and processes (Hu et al., 2012). 
According to research conducted by Deutsche Bank (2015) and McKinsey and Company (2015), the increase in banking tools and transactions, the subsequent explosive growth of data, the increasingly innovative use of statistics and mathematical sciences of risk management, the development of new typologies of risks and, above all, the increasingly stringent regulation and attention have had an immense impact on the data underlying the information and technological infrastructure (Lackovic et al., 2021) that play an increasingly central role in the value creation process. The intent is to ensure that banks can integrate traditional data coming from various channels—traditional counters, internet and mobile banking, ATMs, ASDs/ASSDs (assisted self-service devices), credit circuits and e-commerce platforms—with unstructured data, especially from social networks and the web, through the creation of a data lake.
2.2.4 Big Data on Financial Report 
Quality is a set of characteristics that accounting information must possess to be useful in meeting user needs, such as understanding, reliability, relevance, relevance comparability, and, above all, association with information competence. (Herath & Albarqi, 2023) Make a difference in the user decisions of the report. The quality of accounting information is defined as the characteristics of accounting information contained in financial statements. These characteristics help assess the quality of accounting information, decision-making, and financial forecasting failure. The quality of accounting information is characterized by understanding, relevance, reliability, and comparability (Younis, 2020). Financial reports are the final product of financial accounting and are of primary interest to management and stakeholders. However, company reports do not meet changing user needs over time. First, financial statements are still presented on a quarterly, semesterly, and yearly basis in the era of big data. 
Typically, a report is made publicly available DQIter being audited at the end of the financial year, which implies that it may lose its relevance. Investors and other stakeholders need timely financial information, perhaps on a daily basis. In this case, one of the dimensions of big data is speed, which refers to the speed of processing and creating data; Big data systems are capable of processing and generating real-time data that can help companies publish their financial statements in a short period. It suggests that when companies adopt big data systems, it can significantly DQIfect their ability to make financial information available to the public within the desired time frame. (Ibrahim, et.al., 2021) In general, big data and its relationship to the quality of financial statements can be seen through the four dimensions of "Vs." (volume, speed, variety, and authenticity). Some data sources provide greater confidence in this data which is reflected in the quality of the information in the financial statements and allows companies to improve the information. As they give, here the emphasis emphasizes the role of business intelligence techniques in processing this data. Production in an organized and knowledgeable manner (Zragat, 2020). 
In terms of speed, what is meant by the rate of growth and production of data or the rate of data extraction, which is the time we take from the moment the data arrives until we make a decision based on the data. (Mauro, et.al., 2023)Speed is a key factor in making these data-driven decisions due to the "novelty" of the data decision-makers can collect and the ability to analyze data paths. It is critical in increasing the company's speed and enabling real-time action and decision-making during the day. The role of business intelligence technology has emerged with a significant increase in data frequency level, which is also due to the diversity of its sources. The need is becoming increasingly urgent for systems that guarantee high speed in real-time big data analysis or instantaneous convergence rates over time.
2.2.3 Big Data on the Role of Accountant 
Big data significantly DQIfects the role of accountants, as it creates opportunities for them to move into strategic roles in business organizations and helps accountants transform from decision-makers into business partners (Younis, 2020). Finance and accounting professionals are increasingly implementing Big Data in their businesses, and many financial leaders expect significant changes in 2020 in business. Their accountants need to develop the skills necessary to keep pace with the technology and behavior of strategic business partners in organizations. Accounting programs should include experiential learning that develops information technology skills integrated with accounting. This educational experience includes skills in data creation, data management and analysis, data communication, data security, and storage. 
In addition, data analysis, information technology skills, and knowledge development should be important components of accounting programs (Younis, 2020)(Janvrin & Watson, 2023). Big data includes 
1) Image and video data: Videos containing employee productivity tracking videos, inventory videos to measure productivity and identify bottlenecks, interviews in which management interviews are analyzed to extract content and emotions, and then provide non-verbal information about risks and the big picture of the business. This nonverbal component is more important than the verbal content, which creates a picture of management's intentions. 
2) Audio data: Audio data analysis can provide quarterly benefits, such as quarterly conference calls, shareholder and board meetings, customer calls, and employees' internal phone calls. 
3) Text data: including websites, Facebook, and Twitter. This data is useful for marketing support, providing early warning of product failures, estimating sales volume, and evaluating and improving business performance. 
Companies extract and combine big data formats from video, images, audio, and text with traditional financial data to promote accounting records, improve the quality of financial information, promote transparency, streamline decision-making, and respond to stakeholder requests (Younis, 2020). 
Big data influenced the future of financial reporting and the evolution of GAAP, where Extensible Business Reporting Language (XBRL), originally XML (Extensible Markup Language), could be used. This language can process data automatically and is able to convert data into valuable information. A Base-Based Report (XBRL) is an electronic version of an enhanced financial statement that reduces data processing time, prepares environmentally friendly electronic financial statements, and improves analysis. Analyzing financial information, publishing reports in multiple languages, and improving financial disclosures to help investors obtain accurate information. Big data analytics will provide real-time reporting in large companies, even small businesses trying to capitalize on the benefits of big data in accounting, such as Xero Company, which provides cloud computing accounting software for small businesses to help them take advantage of big data opportunities in accounting (Warren, et.al., 2021).
2.2.6 Quality of financial reporting 
The surge in accounting scandals globally since the early 21st century demonstrates flaws in financial reporting quality. As a consequence, financial reporting’s quality and worth are decided and the global need for a comprehensive definition of financial reporting quality has increased. It is critical to provide high-quality financial reporting to enable consumers to make educated investment choices and to increase market efficiency. Financial reporting quality, as defined by the Financial Accounting Standards Board (FASB), the International Accounting Standards Board (IASB), the International Financial Reporting Standards (IFRS) and Accounting Standards for Private Enterprises Canada, provides reliable and accurate information regarding an entity’s financial position and performance. 
Different studies looked at financial qualities from different point of view (Huang et al., 2012). For example, different measuring approaches have been used to evaluate the quality of financial reporting. Several of them include the following:  accrual models (Jones, 1991);  accounting-based models (Choi et al., 2023);  report critical analysis (Beretta and Bozzolan, 2004); and  qualitative attributes models (Beest et al.,2023). In response to the need for improvement in existing model, the International Accounting Standards developed a conceptual framework for financial reporting. 
As stated in the framework, the primary points are the purposes of financial reporting and the criteria of high-quality financial reporting. It said that adhering to the financial reporting goals and qualitative features is a vital component of attaining excellent financial reporting. Qualitative attributes are described as financial information that fits the framework’s requirements for decision usefulness. These characteristics include relevance, accurate, comparability, comprehension, verifiability and timeliness. To assess financial reporting quality, a model based on qualitative features has been developed (Beest et al.,2023).
2.3 	Theoretical Review. 								
2.3.1 Institutional theory
Institutional theory tries to inform organizational decisionmaking by offering a conceptual lens through which to view organizational activities (Suddaby, 2010). The idea is predicated on the concept that things do not operate alone, but rather are linked by what are referred to as organizational fields, which eventually evolve into societies (Tina Dacin et al., 2002). 
The validity of the circumstances that restrict and influence conduct is a major issue of institutional theory. As an organization pursues this important resource, it is compelled to develop rituals and myths around its acts to maintain the confidence and permission of its critical constituents (Sellers et al., 2012). Covaleski et al. (2003) stated that the pursuit of efficacy and legitimacy cannot be considered in opposition to one another. DiMaggio and Powell (1983) distinguish three distinct forms from the three isomorphic pathways. Coercive, mimetic and normative isomorphisms are used to accomplish this. These types of theories justify distinct organizational strategies for development and execution. We explore the accounting usage of a BDA in each of the first two distinct isomorphic systems. First, whether imposed by external stakeholders such as rival firms, end consumers or the larger society, coercive isomorphism results from external pressures on a company. A business adopts an innovation because it cannot conceive of another method to satisfy critical stakeholders (DiMaggio and Powell, 1983). As a consequence, businesses may make symbolic, surface-level efforts to please these groups (Verbruggen et al., 2011). Firms embrace innovations when compelled to do so to retain perceptions of legitimacy. 
Therefore, the business is compelled to use its current data collecting and processing technologies to fulfil the expectations and requirements of its significant stakeholders. Second, mimetic isomorphism refers to businesses that desire competitive advantages by replicating their rivals’ information technology strategies. Due to coercive pressure from financial regulators (Mizruchi and Fein, 2019), shareholders and software companies, there would be pressure to replicate the usage of BDA. Bhimani et al. (2022) stated isomorphism of norms arises when they are transferred from one institution to another, most often as a consequence of professional demands. The mimetic isomorphism is predicated on the idea of low cost and low risk. Following a state of transition, the borrowed company mimics the invention of another organization that has previously achieved success via a comparable innovation (Mizruchi and Fein, 2019). In general, early adopters are assumed to be risk-averse (Tan, 2001). To reduce costs or create supernormal profits, these organizations leverage innovations that capture client attention and enhance their particular companies’ demand curves by doing an activity that their rivals are unaware of or unwilling to perform. Innovative businesses are often those defending market positions (Chandy and Tellis, 2023), with the resources and scale to develop a portfolio of low-, moderate- and high-risk methods. In certain circumstances, innovation happens when enterprises compete for market leadership; they use innovative strategies to capture new markets ahead of more profitable or larger rivals (O’Connor and DeMartino, 2006). 
The institutional theory asserts that although organizations construct formal mechanisms, their actual behavior may deviate significantly from these that do not have a framework. As a result, separate institutional frameworks or methodologies emerge. As a consequence, Coyne et al. (2022) report that transforming Big Data into useful information has grown more challenging, despite accountants’ familiarity with the necessary techniques. Accounting professionals who assist in the governance of Big Data will face a shortage as a result. According to Palem (2014), companies acknowledge the importance of Big Data but are uncertain about its purpose. Big Data Solution providers often bridge the gap between customer needs and Big Data requirements.
2.4 	Empirical Review.  								
Zraqat (2020) study, "The Moderating Role of Business Intelligence in the Impact of Big Data on Financial Reports Quality in Jordanian Telecom Companies," was created by Omar Muhammad Zraqat In 2020. In this research business intelligence technology used in new technologies of the digital economy helps improve security and efficiency in the use of information, an important resource in the digital economy, where data related to business economic and financial activities can be recorded and stored more reliably, which accelerates the processing and verification of records when using business intelligence technology, where business intelligence contributes to processing data in quantity. Large and by monitoring the flow of accounting figures in real-time. Big data encourages the preparation of accounting reports in a stream of specially formatted data available soon through modern information technology, enabling all parties to work with this type of modern information technology. Big data technology automatically verifies important information in the form of financial (accounting) and non-financial statements. This will significantly reduce the cost and time it takes to prepare financial statements. Large volumes of data do not DQIfect the quality of financial statements. This is likely due to the increasing amount of data collected due to the speed and variety of available resources, companies do not need to have it all for as long as they can access it, and therefore, large data flows can hinder the authors of financial statements, and thus have no effect on improving the quality of financial statements. It is difficult for companies to manage large amounts of data (Zragat, 2020). 
Agustinus etal., (2024) examine the impact of big data on financial reporting. The study revealed that, Big data analytics can influence financial accounting by collecting, recording, and managing data and preparing financial reports. Big data provides convenience and speed of access to transaction data streams. By using big data, accountants in an organization can access transaction information more quickly and can work on large-scale transactions. This study aims to examine the influence of big data on financial reporting with Quantitative Evidence from Indonesia. This research uses quantitative methods. The data used in this study are primary data obtained from the study subject in the form of a questionnaire. The data obtained is processed using SPSS 25. The results of the hypothesis test stated that the analysis of big data has an effect on the quality of the report. This means big data technology as a resource internally owned company can improve the company's financial performance.
Kaya,  et al (2022)study, titled "Big Data Analytics in Financial Reporting and Accounting," was created by Kaya, I., Akbulut, D. H. In 2022 (Kaya & Akhbulut, 2022). In the study, the results of interviews with academics and accounting professionals produced the following findings: There have been so many changes in information and communication technology, and accountants need to keep up with the changes, complexities, costs, and risks associated with their implementation. For example, revenue recognition in many industries, including aviation and telecommunications, requires processing large amounts of data due to complex payment systems. In addition to managing the overall availability of information, its usefulness in decision-making, its integrity, quality, and confidentiality, the presentation of this information in the annual Audit financial statements is a major challenge for accountants. Furthermore, big data and analytics present a pressing problem and, at the same time, are real opportunities for accountants working in forensic science and assessment. There are many opportunities to connect traditionally expanded data, such as data found in ERP, with new data sources. The expanded ERP system adds to the usefulness of accounting records with BDA regarding the condition, character, and characteristics of the asset. Processing of big nontraditional data from various sources has a positive effect on the accuracy of financial reporting. BDA solution providers play an important role in the implementation of BDA; Usually, they understand the needs of the business and offer solutions. Institutional pressure sometimes plays an important role in IT investment decisions. Some companies follow BDA policies and procedures adopted by other companies to try to ensure the legitimacy of their business and maintain and increase their competitive advantage. Academics and accounting professionals are trying to adapt to the challenges of BDA in using and mastering new technologies and applications. They realize that they need to improve their competence and skills in the field of big data analytics. 
Ole et al., (2021) study entitled "The Convergence of Big Data and Accounting: Innovative Research Opportunities," was conducted by Ole Awad Elsayed Awad Ibrahim, Ph.D., Ahmed A, Elamer, Ph.D., Amr Nazieh Ezat, Ph.D. in 2021 (Ibrahim, et.al., 2021). In this study, the authors argue that big data can overcome the limitations of some data-dependent accounting techniques, such as financial reporting, performance measurement, and audit evidence. The study also argues that Big Data as a new technology will reshape accounting because data is at the heart of accounting. In addition, the author's discussion of the convergence between accounting and big data allows authors to suggest that big data users are more likely to provide measurable and high-quality financial statements and manage more effectively, provide more precise and complete audit evidence, and manage more. Risking. Efficiency, fewer budget gaps, and conducting business analysis more efficiently than those who don't use big data. 
Al-Htaybat, K., & Von Alberti-Alhtaybat, L. (2023) study, "Big Data and Corporate Reporting: Impacts and Paradoxes," was made by Al-Htaybat, K., & Von Alberti-Alhtaybat, L. (2023). In this study, the author explained that accountants must engage with different parts of the organization and be proactive regarding big data and business reporting. Since they must provide large amounts of data to stakeholders and collect and analyze big data, accountants must engage with data scientists to achieve the most meaningful results. In addition, providing more organizational data and information can reduce information asymmetry, which can positively impact investor confidence in accounting practices and the business as a whole. A substantial additional empirical analysis is required on big data analysis that is currently or likely to be used in accounting in general and corporate reporting in particular, through case studies or detailed information and through quantitative surveys to gather broader information. Advice for research to be done in the future, as this is still a new area of research to be done.



CHAPTER THREE
RESEARCH METHODOLOGY
3.1 Introduction
Basically, this chapter is concerned with the methods used in collecting, analyzing and interpreting the data for the study. Therefore, it contains the research design, population of the study, sample techniques and sampling size, source and method of data collection, techniques of data analysis as well as variables of the study.
3.2 Research Design
This research is quantitative. According to Emzir (2022) Quantitative methods are approaches that primarily use post-disaster theory in the development of knowledge (such as those related to cause and effect, reduction of variables, hypotheses and specific questions with measurement, observation, and testing theory), using research strategies such as surveying and statistical investigation experiments.
3.3	Population of the Study
A population is made up of all considered element or subject relating to phenomenon of interest to the researcher (Asiaka. 2010). Thus, populations of the study are all selected deposit money banks in Nigeria. 
3.4 Sample Size and Sampling Techniques 
Due to the fact that all deposit money banks in Nigeria cannot be study because is too large. The sample size for this research work comprises of selected 2 deposit money bank banks in Nigeria of which include Jaiz Bank and Eco Bank plc.
3.5 Method of Data Collection
The research work tends to be secondary data in nature. Thus, the secondary includes, online research work, textbooks, journals, seminars as well as annual report. 
3.6 Instrument for Data Collection
However, five years annual reports of selected deposit money banks were adopted for the data collection.    
3.7 Techniques of Data Analysis
This model is analysed using ADF unit root test and regression analysis. The ordinary least square (OLS) model of multiple regression technique was used to establish the relationship between dependent and independent variables.


CHAPTER FOUR
DATA PRESENTATION AND ANALYSIS
4.1 Introduction
Since the nature of this study tend to based on pure secondary data. Thus, this chapter based and arranged with annual report of Jaiz Bank and Eco Bank, Ilorin 2020-2022 a three years respectively. Multiple regression techniques were employed to test the relationship of the independent in and dependent variables. Analysis of the result obtained from descriptive statistics presented in tabular form followed by correlation result, regression result also presented in a tabular form, hypotheses are tested so as to determine whether or not reject the null hypotheses.
4.2 Results and Discussion
This section deals with the presentation, analysis and discussion of results of the processed data collected for the purpose of testing empirically the hypotheses of the study. Results of descriptive statistics, correlation matrix, diagnostic and post estimation tests; regression results and their interpretation for the two models are presented in this section. Descriptive statistics for all variables (dependent, independent and control) of the study is shown in Table 2. Table 2: 
Table 4.1 : Descriptive Statistics
	Variable 
	Observation 
	Mean 
	Standard Deviation 
	Minimum 
	Maximum 

	DQI
	80
	23.163
	17.777
	2.2
	125.95

	DPS
	80
	0.703
	0.458
	0
	1

	DPS1
	80
	0.561
	0.162
	0.17
	0.83

	RMA
	80
	3.861
	0.573
	3
	5

	RTRA
	80
	9.576
	1.995
	4.220
	12.815

	CSM
	80
	3.279
	3.169
	1
	12


Source: Stata 11 Output based on data  
Data quality and integrity (DQI) measured by risk management approach in Table 4.1 indicate mean value of 19.163; standard deviation value of 17.777; minimum value of 2.2 and maximum value of 125.95. it means on average the risk management approach paid by a company was N 23.163 million with a close dispersion of N 17.163 million as standard deviation per listed deposit money banks in Jaiz Bank and Eco Bank, Ilorin. The minimum and maximum risk management approach are N 2.2 million and N 125.95 million respectively.
Data quality and integrity (DPS) measures by real-time risk assessment with dichotomous variables of 0 and 1 showing minimum of three (3) years and above deposit money banks in Jaiz Bank and Eco Bank, Ilorin spent above three (3) years in office. Standard deviation of 0.458 indicates little wide dispersion from mean. 
On the Data privacy and security (DPS), the mean value of 0.561 is an indication that on the average 56.1% of the risk management approach members of listed deposit money banks in Nigeria has financial expertise with wide dispersion of 0.162 from mean as indicated by standard deviation. DPS has minimum values of 0.17 and 0.83 respectively. Audit rotation on the other hand indicate minimum and maximum meetings of 3 and 5 per year respectively. On the average about 4 meeting being held as shown by mean value 3.861 with 5 respectively. The mean value of 9.576 and standard deviation value logarithm of company size (CS) indicates minimum and maximum values of 1 and 12 respectively. The mean and standard deviation values of 3.279 shown by correlation matrix in Table 3.
Table 3: Correlation matrix 
	
	DQI
	DPS
	DPS
	RMA
	CS
	CSM

	DQI
	1.0000
	
	
	
	
	

	DPS
	0.1035
0.1860
	1.0000
	
	
	
	

	DPS
	0.0847
0.02795
	-0.1078
0.1681
	1.0000
	
	
	

	RMA
	0.2337
0.005
	-0.0425
0.5876
	0.0694
0.3754
	1.0000
	
	

	RTRA
	0.6679
0.0000
	0.0343
0.6615
	0.1035
0.1857
	0.1787
0.0216
	1.0000
	

	CSM
	0.4738
0.0000
	-0.0098
0.9004
	0.0214
0.77854
	0.0316
0.6868
	0.4702
0.0000
	1.0000


Source: Stata 11 Output based on data  
Based on Pearson Correlation Coefficient of the variables presented in Table 3 at 5% level of significance, DQI has positive relationship with DPS; DPS; RMA; CS and CSM which are all significant except with DPS and DPS which are not significant as shown by coefficient5 values nof 0.1035;0.0847; 0.2337; 0.6679; 0.4738 and P values of 0.1860; 0.2795; 0.0025; 0.0000; and 0.0000 respectively. DPS on the other hand has positive relationship with Cs with coefficient value of 0.0343  and P-valu of 0.6615 which is not significant. It also has negative relationships with DPS, RMA and CSM as indicated by coefficient values of 0.-0.1078, -0.425 and -0.0098 which are not significant.
DPS has positive correlation coefficient values of 0.0694, 0.1035 and 0.0214 with RMA, CS and  CSM respectively which are not significant as indicated by P value of 0.3754, 0.1857 and 0.7854 to RMA, CS and CSM respectively. RMA has positive correlation coefficient values of 0.1787 and 0.0316 with CS and CSM respectively which is significant with CS (P-value 0.216) but not significant with CSM (P-value 0.6868). CS on the other hand has positive correlation coefficient value of 0.4702 with CSM which is significant (P-value 0.0000). Table 4 shows the values of VIf and 1/VIF of independent and control variables of the study. 
Table 4.3 Variance Inflation Factor 
	Variance 
	VIF
	1/VIF

	FRRM
	1.34
	0.745192

	CSM
	1.29
	0.775415

	RMA
	1.04
	0.962082

	DPS
	1.01
	0.985823


Mean VIF	1.17
Source: Stata 11 Output based on data  
  Variance Inflation Factors value which should be between 1 and 4 and tolerance values (1/VIF) of less than 1 test multicollinearity  in data. The VIF values of 1.34; 1.29; 1.04 are variables CS; CSM;LA and DPS respectively. The tolerance value indicates 0.775192; 0.775415; 0.962082 and 0.985823 for CS; CSM; LA and DPS respectively. The VIF mean is 1.17. The VIF and tolerance values indicate that autocorrelation level of the data within the period under review may not have statistical significant impact. 
Table 4.4 Shapiro-wilk W Test
	Variable 
	Observation 
	Prob>z

	DQI
	80
	0.00000

	DPS
	80
	0.28265

	DPS
	80
	0.24869

	AR
	80
	0.68273

	AC
	80
	0.00000

	CSM
	80
	0.00000


Source: Stata 11 Output based on study data (2025)
Shapiro-wilk W Test in table 4.4 for normal data at 5% level of significant indicate z values  for all variables. Data set for DPS, DPS and LA wre normally distributed as shown by values of prob>z 0.28265, 0.24869 and 0.68273  were respectively which not significant. On the other hand DQI, CS and CSM data sets were not normally distributed as indicated by values of Prob>z 0.00000 for the three variables which are significant. The lack of normal distribution of variables data sets call for robustness of regression technique. The heteroskedasticity test for appropriateness of OLS regression for the study model is shown in table 5.
Table 4.5: Breusch-Pagan /Cook-weisberg
	Variables 
	Chi2 (1)
	Prob>chi2

	DQI
	118.7
	0.0000

	DPS
	98.00
	0.0000


Source: Stata 11 Output based on study data (2025)
Breusch-Pagan /Cook-weisberg for heteroskedasticity rule of thumb states that data is heteroskedasticity when Prob>chi2 value is significant, and there is absence of hottest if the Pvalue of Chi2 is not significant. Model 1 heteroskedasticity test indicates Chi2 (1) value of 118.17 which was significant with Prob>chi2 value of 0.0000. Hence ,the DQI data was heteroskedastic. Model 2 heteroskedastic test shows Chi2 (1) value of 98.00 which was also significant at  Prob>chi2 value of 0.0000. in the same vein, DPS data was also heteroskedastic. The results show presence of hottest indicating OLS regressions are not appropriate for the two models.
The Hausman specification tests in choosing between FE and RE for the two models are shown in table 6.
Table 6: Hausman specification tests 
	Model 
	Chi2 (1)
	Prob>chi2

	DQI
	3.10
	0.5419

	DPS
	20.08
	0.0005


Source: Stata 11 Output based on study data (2025)
Hausman specification tests were conducted in choosing FE and RE regressions for the two models. The decision rile indicates that if the value of hausman P>chi2 is significant FE regression is used. But if otherwise, that is, P>chi2 is not significant Prob>chi2 value of 0.0005 which  Re regression is applied. Nmodel (DQI) Hausman test reveals Chi2 (4) value of 20.08 is significant. Fixed Effect (FE) regression was adopted. Model 1 in table 7 show Data quality and integrity (DQI) measures by risk management approach as independent variable. Independent variables made up of Data privacy and security (DPS) and risk management approach , while control variable include Company Complexity (CSM) and Natural Logarithm of company Size (CS). 
Table 7:  
Model 1 RE Regression Result 
	 DQI
	Coefficient 
	Robust Std. Error 
	Z
	P>(Z)

	AC
	2.377194
	2.769122
	0.86
	0.391

	LA
	2.468495
	2.042714
	1.21
	0.227

	CS
	6.236129
	2.150592
	2.90
	0.004

	CSM
	0.5617678
	0.6268561
	27.29
	0.5419

	Constant 
	-53.26092
	22.90991
	-2.32
	0.020


Source: Stata 11 Output based on study data (2025)
Table 4.7 shows Hausman specification test value of P>chi2 (4) 0.5419 which was not significant at 5% level of significance, RE regression is the most appropriate for model 1. The RE regression was also robust due to lack of normal distribution of all variables data based on Shapiro-wilk test (see Table 4) conducted. 
The robust RE regression result shows multiple coefficient of determination R-squared value of 0.6599 indicating that independent and control variables explained 65.99% of the variations in Data quality and integrity (DQI). In addition, the robust RE was also fitted as evidenced by F-Statistics value of 27.29 with Prob>F value of 0.0000 which was significant at 5% level of significance.
The independent variable DPS of the model has z-value of 0,86 and P>(z) value of 0.391 at 5% level of significance. It means Data privacy and security (DPS) has positive non-significant effect on Data quality and integrity measured by risk management approach in listed consumer-goods companies in Nigeria during the period under review. In the same vein, LA has z-value of 1.21 with P>(z) value of 0.227 at 5% level of significance. This is an indication that Data quality and integrity also has positive non-significant effect on Data quality and integrity measured by risk management approach in listed consumer-goods companies in Nigeria.
Table 8 shows model 2 that has Data quality and integrity (DPS) measured by real-time risk assessment as dependent variable. Independent variables include Data privacy and security (DPS) and Risk management approach  (RMA), Control variables are Company Complexity (CSM) and natural logarithm of Company Size (CS).
Table 8 Model 2 FE regression result 
	   DQI
	Coefficient 
	Robust Std. Error 
	T
	P>(T)

	AC
	2.187781
	2.824642
	0.77
	0.451

	LA
	1.274868
	1.274868
	1.01
	0.329

	CS
	7.467178
	3.208391
	2.33
	0.035

	CSM
	-0.3561719
	2.898209
	-0.12
	0.904

	Constant 
	-57.38449
	26.54741
	-2.16
	0.048


Source: STATA 11 Output based on study data (2025)
The Hausman specification test P>chi2 value of 0.0005 which was significant at 5% level of significance indicated appropriateness of Fixed Effect (FE) regression for model 2 which was robust due to lack of normal distributions of all variables data based on Shapiro-Wilk test (see  Table 4) for normal data conducted.
The robust FE regression result shows independent variables DPS and LA t-values of 0.77 and 1.01 respectively that signifies positive effects of Data privacy and security and meetings on risk management approach . Also DPS and LA have P>(t) values of 0.451 and 0.329 at 5% level of significance. These are indications that risk management approach expertise and meetings have no significant effect on Data quality and integrity measured by real-time risk assessment in Jaiz Bank and Eco Bank, Ilorin.
4.3 DISCUSSION OF FINDINGS
On the test of hypothesis (H1), the findings of the two models show positive and non-significant of Data privacy and security on risk management approach. Therefore, the study has no sufficient evidence to reject the null hypothesis that state, Data quality and integrity has no significant effect on Data privacy and security of Jaiz Bank and Eco Bank, Ilorin. The result did not agree with the studies of Goodwin-Stewart and Kent (2006) and Yadirichukwu and EbimpCSMwei (2013) but agreed with the study of Rainsbury, Bradbury and Cahan (2019). The positive and non-significant effect of Data quality and integrity and Data privacy and security of Jaiz Bank and Eco Bank, Ilorin, as minimum of one member is required to have finance independent in the committee.
Furthermore, the second findings of the study which are used test hypothesis (H2) also revealed positive and non-significant effect of Data quality and integrity on Data privacy and security measured by money deposit banks tenures. Hence, the null hypothesis of Data quality and integrity has no significant effect on financial performance of Jaiz Bank and Eco Bank, Ilorin is here aCSMepted. The result agrees with the study of Hoitash and Hoitash (2019) but disagrees with the study of Lifschuts, Jacob and Feldshtein (2010). This is an indication that Data quality and integrity have no significant effect on Data privacy and security of Jaiz Bank and Eco Bank.
(Ho3) The study is conducted due to wide criticisms on the importance and relevance of Data quality and integrity in improving statutory Data privacy and security of Jaiz Bank and Eco Bank, Ilorin. Hence, we undertake to examine the effect of expertise and meeting characteristics of risk management approach on Data quality and integrity using Jaiz Bank and Eco Bank, Ilorin as our research domain. 
In view of the above finding, this study contributes to debate on how Data quality and integrity of independent and DQIfect Data privacy and security of published financial statements of companies in Nigeria. It is also an indication to regulatory authority for necessary amendment to code of corporate government in Nigeria by improving a setting minimum bench mark of members qualifications  above the present required only financial ,experience and number of meeting of audit committees respectively. This is to enhance and improve on Data quality and integrity contributions to statutory Data privacy and security of Jaiz Bank and Eco Bank.




CHAPTER FIVE
SUMMARY, CONCLUSION AND RECOMMENDATIONS
5.1 Summary of Findings		
The continuous evolution of the banking system, together with regulatory, cultural, scientific and technological changes, has required the development of new approaches to be integrated with the traditional sectorial tools that are inadequate for managing complex, unstructured and disorganised data. Regarding organisational changes, the adoption of BDA is still at an embryonic stage, even though data management systems with better analytical capabilities—especially predictive and textual analysis—have been introduced. It emerged from the interview that the optimisation of performance is fostered by the arrangement of a centralised repository of information—the so-called data warehouse—focused on the aggregate data coming from different sources that is useful for the decision-making process. 
The storage model holds large volumes of real-time, complex, heterogeneous, structured, operational data generated in the different business functions (accounting, IT, etc.). The creation of this archive is the starting point for future business intelligence solutions and the implementation of a Big Data warehouse, which is a more advanced computer system than those currently adopted and will allow integration and reorganisation of data from various sources attributable to three main categories: (i) information from person to machine; (ii) information from person to person (social networks); and (iii) information from machine to machine (IOT).From the case study, it emerged that the adoption of innovative technologies for the acquisition and monetisation of all sources, both internal and external, and the subsequent construction of a shared platform first affected the risk management area, as it is important to capitalise on the information in the formulation of strategies and techniques for the management and coverage of risky events and to exploit possible opportunities. 
The involvement of the other functions (internal auditing and control of management and planning) came later, beginning a process of integration between the holistic and atomic levels—that is, between top management and operations. Through the evaluation of the interdependence and interaction of the individual functions within the processes, it is possible to examine the different factors that determine rising risks and, consequently, to adopt more efficient monitoring and anticipation policies for assessment, understanding and management.
5.2 Conclusion
In conclusion, the challenge for the banking sector is to import non-conventional technologies (IoT, business intelligence, Big Data and blockchain) that allow the processing of huge quantities of data quickly and accurately, which is useful not only in CRM, but also in cyber security, fraud detection and the optimisation of decision-making processes. A technological innovation must be accompanied by a cultural change and, in this case, the formation of teams composed of statistical, mathematical and technological skills and data scientists who can combine data analysis skills with functional skills to create automatic processes of value. This ongoing disruptive change necessarily DQIfects people and involves the whole organisation, including IT, marketing, business and management control, strategic planning and customer service, to obtain significant advantages in terms of risk analysis, fraud prevention and advanced analysis of customer intelligence through the storage, organisation, management and operational use of large quantities of data; this will be part of a future evolution. The knowledge potentialities of BDA are therefore accompanied by a series of criticalities, starting with the risks of data confidentiality and progressing to organisational problems connected to the need to cooperate with those who can use the algorithms and reorganise internal information systems.
5.3 	Recommendations
Based on the findings and conclusion, the recommendations were made; 
i. Effective Data quality and integrity should be adopt for effect  influence risk management approach of selected deposit money banks in Nigeria
ii. Adoption of Data privacy and security by bank management is necessary so as to influence real-time risk assessment of selected deposit money banks in Nigeria
iii. Conventional statistical method will help influence relevant risk assessment of selected deposit money banks in Nigeria
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